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1
METHOD AND SYSTEM FOR CLASSIFYING
VEHICLE TRACKS

FIELD OF THE INVENTION

The present invention relates to vehicle classification, and
more particularly to a method and system for classification of
vehicle tracks using sensor data.

BACKGROUND OF THE INVENTION

A number of current electronic warfare support systems
(ES) are used to classify vehicle tracks. One system monitors
the electromagnetic radiation emitted by vehicles for the pur-
pose of classifying the vehicles. Another system uses non-
cooperative target recognition techniques (NCRT) such as jet
engine modulation where a surveillance system directs
energy at a vehicle and analyzes its reflected response for the
purpose of classifying the target.

However, the current electronic warfare support systems
have drawbacks. First, ES techniques require the vehicular
track to be emitting previously classified patterns; common
techniques for defeating ES analysis are to simply turn off any
of the vehicle’s transmitters, or to change to a new set of
patterns held in reserve. NCTR techniques are also problem-
atic including the aspect of the vehicle to the NCTR equip-
ment. In addition, the current ES techniques do not fuse inputs
from multiple sensor types, and do not associate events from
different vehicles of different types to develop track classifi-
cations.

Thus, a rapid and accurate classification of vehicular tracks
as a specific threat type is needed. Depth of fire and kill
probability can both be improved with automated classifica-
tion of potential threats, in particular of high-speed anti-ship
cruise missiles, which pose a significant threat to naval com-
batants. These improvements can be obtained through more
rapid classification and also through more reliable classifica-
tion.

SUMMARY OF THE INVENTION

A rapid and accurate method for classifying vehicular
tracks is disclosed. The method uses a graph that allows rapid
classification of unclassified tracks. The graph may be devel-
oped using data from multiple sensor types and may associate
events from different vehicles to develop classifications.
Real-time processing may use data from multiple sensor
types to allow a rapid classification.

A method for classifying unclassified vehicle tracks using
real-time sensor data may comprise acquiring a computer
database of vehicle track characteristics data for known
vehicle tracks; defining vehicle track signatures based on the
vehicle track characteristics data; and generating a graph
based on the vehicle track signatures, the graph having state
nodes representative of distinguishing vehicle track charac-
teristics defined in the vehicle track signatures and links
between the state nodes representative of relationships
between distinguishing vehicle track characteristics defined
in the vehicle track signatures, the graph also having reporting
nodes for classifying unknown vehicle tracks when sufficient
distinguishing vehicle track characteristics have been
observed. The method may also comprise processing with the
graph, using a processor, real-time sensor data corresponding
to a first unclassified vehicle track until the first unclassified
vehicle track is classified.

In an embodiment, the step of defining vehicle track sig-
natures comprises: identifying in the computer database the
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distinguishing vehicle track characteristics for at least some
of the known vehicle tracks; and prioritizing the distinguish-
ing vehicle track characteristics for at least some of the known
vehicle tracks, wherein the prioritizing comprises defining
relationships between the distinguishing vehicle track char-
acteristics. In the method for classifying vehicle tracks of
claim 1, the vehicle track characteristics data may comprise at
least one of speed, size, position, IFF status, heading, accel-
eration, airborne state, in motion state, operating altitude
above or depth below sea level, likelihood of operating within
a region of interest, acoustic response characteristics, elec-
tromagnetic emanation characteristics, kinematic maneuver
characteristics, and electro-optic characteristics. In an
embodiment, prioritizing the distinguishing vehicle track
characteristics may further comprise prioritizing the distin-
guishing vehicle track characteristics and defining the report-
ing nodes according to a probability analysis. In an embodi-
ment, defining relationships between the distinguishing
vehicle track characteristics may comprise defining a rela-
tionship between the distinguishing vehicle track character-
istics representative of the vehicle performing a known tacti-
cal maneuver. In another embodiment, defining relationships
between the distinguishing vehicle track characteristics may
comprise defining at least one relationship between a first
vehicle track and a second vehicle track in which one of the
vehicle tracks is for a vehicle capable of launching an attack
weapon and the other of the vehicle tracks is for a launched
attack weapon.

In an embodiment, the step of processing with the graph,
using a processor, real-time sensor data comprises: receiving
first initial real-time sensor data for an unclassified first
vehicle track and passing the first initial real-time sensor data
through an initial portion of the graph to determine a first
current track state for the unclassified first vehicle track;
determining whether one of the reporting nodes has been
reached; and if one of the reporting nodes has been reached,
classifying the unclassified first vehicle track; or if one of the
reporting nodes has not been reached, receiving first updated
real-time sensor data and passing the first updated real-time
sensor data through an intermediate portion of the graph
linked to a current track state to determine an updated first
current track state, until one of the reporting nodes is reached
and the unclassified first vehicle track is classified. In an
embodiment, prioritizing the distinguishing vehicle track
characteristics further comprises prioritizing the distinguish-
ing vehicle track characteristics and defining the reporting
nodes according to a probability analysis.

In an embodiment, the method for classifying vehicle
tracks may further comprise: receiving second initial real-
time sensor data for an unclassified second vehicle track and
passing the second initial real-time sensor data through an
initial portion of the graph to determine a second current track
state for the unclassified second vehicle track; and receiving
second updated real-time sensor data and passing the second
updated real-time sensor data through an intermediate portion
of the graph linked to the second current track state to deter-
mine an updated second current track state, until the unclas-
sified second vehicle track is classified. In an embodiment,
the method may further comprise determining if the unclas-
sified first vehicle track and the unclassified second vehicle
track are related by kinematic analysis of one or more of the
initial first real-time sensor data, updated first real-time sen-
sor data, initial second real-time sensor data, or updated sec-
ond real-time sensor data. In an embodiment, the method may
further comprise, if the unclassified first vehicle track and the
unclassified second vehicle track are related, passing the
updated first real-time sensor data in addition to the updated
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second real-time sensor data through the intermediate portion
of the graph linked to the second current track state to deter-
mine an updated second current track state, until the unclas-
sified second vehicle track is classified; and passing the
updated second real-time sensor data in addition to the
updated first real-time data to the intermediate portion of the
graph linked to the first current track state to determine an
updated first current track state, until the unclassified first
vehicle track is classified.

In an embodiment, the method for classifying vehicle
tracks may further comprise, if the unclassified first vehicle
track and the unclassified second vehicle track are related,
passing, if the unclassified first vehicle track has been classi-
fied, a first vehicle track classification in addition to the
updated second real-time sensor data through the intermedi-
ate portion of the graph linked to the second current track state
to determine an updated second current track state, until the
unclassified second vehicle track is classified; and passing, if
the unclassified second vehicle track has been classified, a
second vehicle track classification in addition to the updated
first real-time data to the intermediate portion of the graph
linked to the first current track state to determine an updated
first current track state, until the unclassified first vehicle
track is classified.

A method for pre-processing vehicle track characteristics
data to define a graph for classifying unclassified vehicle
tracks may comprise acquiring a computer database of
vehicle track characteristics data for known vehicle tracks;
identifying distinguishing characteristics for at least some of
the known vehicle tracks; prioritizing the distinguishing char-
acteristics for at least some of the known vehicle tracks; and
generating a graph having state nodes representative of the
identified distinguishing characteristics and links between
the state nodes representative of the prioritization of the iden-
tified distinguishing characteristics, the graph also having
reporting nodes for classifying unknown vehicle tracks when
a sufficient number of distinguishing characteristics have
been observed.

In an embodiment, the vehicle track characteristics data
comprise at least one of speed, size, position, IFF status,
heading, acceleration, airborne state, in motion state, altitude
above or depth below sea level, likelihood of operating within
a region of interest, acoustic response characteristics, elec-
tromagnetic emanation characteristics, kinematic maneuver
characteristics, and electro-optic characteristics. In an
embodiment, prioritizing the identified distinguishing char-
acteristics further comprises prioritizing the identified distin-
guishing characteristics and defining the reporting nodes
according to a probability analysis. In an embodiment, defin-
ing relationships between identified distinguishing character-
istics comprises defining a relationship between identified
distinguishing characteristics representative of a vehicle per-
forming a known tactical maneuver. In another embodiment,
defining relationships between identified distinguishing char-
acteristics comprises defining at least one relationship
between a first vehicle track and a second vehicle track in
which one of the vehicle tracks is for a vehicle capable of
launching an attack weapon and the other of the vehicle tracks
is for the launched attack weapon.

A computer system for classifying unclassified vehicle
tracks may comprise: a database of defined vehicle track
signatures for known vehicle tracks; a first processor execut-
ing instructions for generating a graph from the database of
defined vehicle track signatures by defining state nodes cor-
responding to characteristics of the vehicle track signatures
and defining links between defined state nodes, the links
between the defined state nodes corresponding to defined
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vehicle track signatures; and a second processor executing
instructions for performing run-time processing of real-time
sensor data corresponding to a first unclassified vehicle track
by passing the real-time sensor data through the graph until
the first unclassified vehicle track is classified.

In an embodiment, the computer system may further com-
prise a third processor for executing instructions for defining
vehicle track signatures for the known vehicle tracks using a
probability analysis. In an embodiment, the second processor
may further execute instructions for performing run-time pro-
cessing of the real-time sensor data corresponding to at least
a second unclassified vehicle track by passing the real-time
sensor data through the graph until the second unclassified
vehicle track is classified, wherein the run-time processing
for the first unclassified vehicle track and the second unclas-
sified vehicle track are performed at substantially the same
time.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 depicts an overview of an embodiment of a process
for vehicle track processing and weapons engagement;

FIG. 2 depicts an overview of an embodiment of a process
for vehicle track pre-processing and real-time processing;

FIG. 3 is a simplified logic flow chart or diagram illustrat-
ing the runtime processing for vehicle track classification.

FIG. 4 depicts an initial or starting portion 400 of a classi-
fication graph of an embodiment of the invention.

FIG. 5 depicts an intermediate portion 500 of a classifica-
tion graph of an embodiment of the invention.

FIG. 6 depicts a reporting stage portion 600 of an exem-
plary classification graph.

FIG. 7 depicts an overview of an embodiment that analyzes
whether multiple tracks are related and whether certain tracks
should be processed together or separately.

DETAILED DESCRIPTION

FIG. 1 depicts an overview of an embodiment of a process
for vehicle track processing. Step 10 is a preprocessing step in
which data characteristics corresponding to known vehicle
tracks are compiled by reviewing past sensor reports. Identi-
fying and defining data characteristics that are unique to
particular vehicles and which can be used to distinguish and
identify a vehicle with a acceptable degree of certainty may
be a lengthy, multi-faceted analysis, consisting of sifting
through intelligence reports and data to identify characteris-
tics that a) can be measured by the system’s sensors, and b)
used to uniquely distinguish an object’s classification. Once
characteristics are identified that can be measured by the
system’s sensors and that can be used to identify and uniquely
distinguish a vehicle track’s classification, the characteristics
are used to create a graph at step 20. A graph is created in
which known data characteristics for known vehicle tracks
are graphed with nodes (states) and logical splices (links). In
steps 30 and 40, real-time processing 30 is performed of
real-time sensor data (which may be in reports) 40 using the
graph generated in step 20. After a classification 50 is arrived
at through the real-time processing 30, that classification
information goes to a command and decision step 60. At the
command and decision step, an engagement order 65 may be
issued to a weapons control system 70. Then, the weapons
control system 70 may issue a firing order 75 to a weapon 80.

FIG. 2 depicts an overview of an embodiment of a process
for vehicle track pre-processing and real-time processing. In
step 12, a computer database of vehicle track characteristics
data for known vehicles is acquired, where the term “charac-
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teristics” may include the identity of the characteristic
observed (e.g., size) and its associated value (e.g., small).
Examples of characteristics include speed, size, position, IFF
status, heading, acceleration, vertical acceleration, airborne
state, in motion state, operating altitude above or depth below
sea level, likelihood of operating within a region of interest,
acoustic response characteristics, electromagnetic emanation
characteristics, kinematic maneuver characteristics, and elec-
tro-optic characteristics. This database may typically have
sensor data from previous engagements in which vehicles
(which may be aircraft, missiles, ships, underwater threats,
space threats, or any type of object or threat) have been
tracked, and the sensor data associated with the tracking and
the ultimate identification/classification of the vehicle. From
this data, certain characteristics of various vehicles may be
ascertained, such as, for example, the size of the vehicle, the
maximum speed of each vehicle, and the acceleration char-
acteristics of each vehicle. Alternatively, a computer database
may be based on known characteristics of various vehicles
gathered from intelligence reports or other types of reports
that are not necessarily based on previous tracking data, for
example a reference book that discloses characteristics of
various vehicles such as their size and speed. After the data-
base is acquired in step 12, the database is reviewed for
distinguishing characteristics that may be used to classify the
vehicles. For example, if the vehicle is a certain size, it may be
known that the vehicle is an aircraft rather than a missile. In
another example, the distinguishing characteristic is even
more specific, such that the observation of the characteristic,
alone or in combination with other sensed data, definitively
identifies the vehicle to an acceptable threshold of confi-
dence. For example, if a vehicle’s size indicates that it is a
missile rather than an aircraft, and it’s trajectory is one that is
unique to only a particular type of missile, those two charac-
teristics may be used to classify the vehicle track as a specific
type of missile.

After the various characteristics are identified for different
vehicles, a graph may then be generated having state nodes
that represent different characteristics that may be sensed and
links between nodes that represent logical connections
between different sensed characteristics. In an embodiment,
the graph may have initial state nodes, intermediate state
nodes, and reporting state nodes. In an example, an initial
state mode may represent a particular sensed size character-
istic for a vehicle track, such as a sensed size corresponding to
a missile. The next level of intermediate state nodes that are
linked to the initial state node will correspond to data for
various type of missiles; it would be illogical to link an initial
state node corresponding to a missile characteristic to inter-
mediate state nodes that represent data corresponding to air-
crafts. State nodes and logical links are constructed to ulti-
mately result in a vehicle classification in a reporting node.
The reporting node represents the observation of one or more
vehicle characteristics that, alone or in combination with
other previously observed characteristics, enables classifica-
tion of the vehicle track to a desired level of confidence. Steps
12,14, and 16 correspond to the preprocessing step 10 of FIG.
1.

After the preprocessing represented by steps 12, 14, and
16, real time processing of sensor data may be performed. The
real time processing typically involves traversing the graph
that was developed in the pre-processing stage. In an embodi-
ment, initial first real-time sensor data for the unclassified first
vehicle track is received 32 and passed to an initial portion of
the graph to determine a first current track state for the unclas-
sified first vehicle track 34. Then updated first real-time sen-
sor data is received 36 and passed through an intermediate
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portion of the graph linked to the current track state to deter-
mine an updated current track state as shown in step 38. The
processing may remain at the initial intermediate node or
progress to other linked intermediate nodes upon receipt of
updated sensor data, until updated sensor data is received that
causes a traversal of the graph to areporting node. A reporting
node is a node that, if reached, indicates that the cumulative
sensor data received for a vehicle track has allowed for tra-
versal of the graph such that classification of the vehicle to an
acceptable level of confidence has been achieved. As will be
understood, in the creation of the graph, different or varying
acceptable levels of confidence (i.e., for reach a reporting
node) may be incorporated for different vehicles. For
example, when considering characteristics that are represen-
tative of a missile, it might be desirable to configure the graph
to require a lower level of certainty so that the vehicle can be
classified as a missile early and appropriate defensive actions
may be taken as soon as possible. By way of further example,
when considering characteristics that may be used to classify
a vehicle as a military aircraft rather than a commercial air-
liner, it may be desirable to require a very high level of
confidence to make a classification, to prevent an accidental
encounter with a commercial airliner. In an embodiment, the
graph may alternatively be created to always require a very
high level of confidence before classifications are made,
which may have the effect of requiring black and white,
deterministic, characteristics to be observed (e.g., the vehicle
is a specific size, moving at a specific speed, and flying on a
specific path) before classifying a vehicle.

FIG. 3 is a logic flow chart or diagram illustrating the
runtime processing for performing a rapid comparison
between the characteristics of sensor data and the known
characteristic patterns of vehicle tracks in the first character-
istic table and the completed signature graph. In FIG. 3, the
logic starts at a block 710 in which the first real-time sensor
dataisreceived. As will be understood, the sensor data may be
received in a report that may contain sensor data from a
variety of sensors, and which may contain data for various
characteristics sensed by the various sensors. Examples of
different types of sensors include, but are not limited to, radar,
sonar, IFF (Interrogate Friend or Foe), ES (electronic sup-
port), and electro-optical. From block 710 the logic flows to a
block 720, which represents inputting the sensor report data
into the beginning of the graph. After the sensor report sensor
data has been input, in decision block 730 a determination is
made as to whether input of the data has resulted in traversal
of'the graph to an initial node. That is, an assessment is made
as to whether the sensor data contains one or more character-
istics (e.g., speed) and values (e.g., 250 mph) that matched the
characteristics and values of an initial node of the graph. If'it
is determined that a match with an initial node did not occur,
whether because none of the sensor data matched a known
vehicle track represented in the graph or perhaps because the
sensor data was faulty, the logic flows via logic path 734 back
to the beginning to get a new sensor report.

If it is determined that a match with an initial node was
made (i.e., one or more observed characteristics from the
sensor report matched the one or more characteristics that
defined an initial node), the logic flows via logic path 736 to
block 740, in which a determination is made as to whether a
classification of the vehicle has been made. As will be under-
stood, sensor data that includes a match to one or more char-
acteristics and values of an initial node may also contain
additional data that permits further traversal of the graph to
intermediate nodes or even to a reporting node. That is, if the
sensor data in the initial sensor report included enough
matching characteristic data to the graph such that traversal of
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the graph from a beginning first characteristic node to an end,
reporting portion, of the graph was made, then a classification
was made. If the sensor data only caused a partial traversal of
the graph to a first characteristic node or an intermediate
node, but did not reach the reporting portion of the graph, then
a classification was not made. If the sensor data included data
that caused a traversal to a reporting node and a classification
was made, the logic flows via logic path 746 to block 780,
where the vehicle track identification is reported.

Once a report is made, the logic then flows from block 780
to block 750 via logic path 784, where subsequent measure-
ments in the updated sensor report are analyzed to determine
when and if the reported classification should be updated,
based on additional information about the track as revealed in
these subsequent measurements. As will be understood, a
vehicle may pose as a different type of vehicle to disguise its
true nature; for example a fighter plane may intentionally
engage in behavior to show characteristics that identify itas a
commercial airliner so that it is not perceived as a threat. By
continually reviewing additional updated sensor data even for
already classified vehicle tracks, “imposters” or incorrectly
classified vehicle tracks may be updated or changed to a
correct classification if necessary. Appropriate nodes and
links are connected to the reporting nodes to allow consider-
ation of later sensor reports and reclassification if needed. For
example, in an embodiment, some or all of the reporting
nodes may be linked to nodes that are defined with charac-
teristics that are related to a different type of vehicle than
reported. Then if reporting data that is inconsistent with the
reported vehicle is received, a move is made to the node
representing inconsistent characteristics and if enough incon-
sistent characteristics are observed a new reporting node may
be reached and a new classification made. If no inconsistent
characteristics are observed, then no moves are made and the
classification does not change. The continuous analysis of
new reporting data even for already classified vehicle tracks
helps ensure the accuracy of each classification.

If a classification was not made in block 740, the logic
flows via logic path 744 to block 750. In block 750, updated
sensor data, which may be in the form of a sensor report, is
received. The updated sensor report will contain new sensor
data, which may include data from more than one sensor. At
block 760, the new sensor data is input into the graph at the
last determined state or node, which may be an initial node or
an intermediate node. By starting at the last determined state
or node, the new sensor data is used to build upon the data that
was already graphed, and the graph may be designed to build
upon sensor data in a specific way. In a hypothetical case, the
current state node is “Q,” which was arrived at because the
sensor data included data indicating that the vehicle was a
certain size indicative of an aircraft. The graph can be
designed so that being in state “Q” causes sensor updates to be
analyzed for groundspeed of the vehicle (e.g., whether the
vehicle is one of three categories such as slow, medium, or
fast), the groundspeed being a characteristic that can further
help classify the vehicle. This is accomplished by linking
state node Q to further state nodes that represent groundspeed
characteristics slow, medium, and fast, and perhaps building
into state node Q information (or a command) that it should
look for speed data in the next sensor report. As a result,
inputting the new velocity information starting from the last
current state node “Q” of the graph allows the processing to
build upon the previously known information.

After the updated sensor report sensor data has been input
to the current node, in decision block 770 a determination is
made as to whether inputting the data has resulted in traversal
of'the graph to a new node. That is, did the sensor report data
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contain characteristics and associated values that matched
any of the characteristics and values of later state nodes that
were linked to the current state node, such that the graph was
traversed from the current state node to a new current state
node. If it is determined that traversal to a new node did not
occur, the logic flows via logic path 774 back to block 750 to
obtain new sensor data, until traversal to a new node occurs.

Ifit is determined that traversal to a new current state node
did occur, the logic flows via logic path 776 to block 740,
where an assessment is made as to whether a classification of
the vehicle has been made. Typically, the reporting node will
be self-identifying (e.g., it will include instructions for report-
ing that a classification has been made on the computer hous-
ing the graph or a computer networked to the graph computer)
and a classification is made if a reporting node is reached. As
will be understood, the reporting node is linked to intermedi-
ate nodes and initial nodes, thus reaching the reporting node
is the result of traversing the graph because certain charac-
teristics and values represented by the initial and intermediate
nodes have been observed in the sensor data, and the obser-
vation of that cumulative data gives a level of confidence that
a correct classification is possible. If a classification was
made, the logic flows via logic path 746 to block 780, where
the vehicle track identification is reported. If a reporting node
is not reached—i.e., the current state node is an intermediate
state node but not a reporting node—then a classification was
not made in block 740, and the logic flows via logic path 744
to block 750 and an updated sensor report is received.

A graph designed for the inputting of sensor data may have
initial nodes, intermediate nodes, and reporting nodes. Each
node represents one or more characteristics and associated
values that are observable by a sensor. By way of example, the
position, velocity and acceleration of a vehicle’s tracks are
kinematic characteristics that can be measured by a sensor
and which can uniquely distinguish a vehicle track. In an
embodiment, the characteristic of position can include values
such as above or below the water and inside or outside of the
atmosphere. Speed may have different possible values such as
slow, average, and fast, or in another embodiment actual
speed ranges may be used to define the characteristic of
speed. The characteristic of acceleration can also have values
such as slow, average, and fast, and as will be understood by
those skilled in the art, different aircraft can have different
takeoff acceleration characteristics (e.g. commercial airliners
in general are known to have very distinctive takeoff accel-
eration characteristics, and different models of commercial
airliners may have takeoff characteristics that are distinguish-
able from other models). Size is an example of a static char-
acteristic that may be observed by a sensor and embodied in
a node.

Dynamic characteristics may also be embodied in state
nodes. For example, a state node can be defined that embodies
a certain value of vertical acceleration that may be associated
with a particular type of maneuver. Alternatively, a relation-
ship between a series of state nodes may be defined to embody
vehicle position changes over time that represent a particular
type of maneuver or behavior, and the linking of the nodes
may represent the vehicle performing the particular maneu-
ver or behavior over a number of sensor reports. For example,
persons with ordinary skill in the art understand that commer-
cial airlines fly along well-known and identifiable GPS vec-
tors or routes, so a series of state nodes may be defined that
embody flight along a known route, and consistent behavior
of flight along a known commercial route could be used to
distinguish commercial aircraft from military aircraft. By
way of further example, persons with ordinary skill in the art
understand that high vertical acceleration “pop-up” maneu-
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vers may be performed by a vehicle, so a relationship between
a series of state nodes may be defined that embody charac-
teristics that represent such a maneuver being performed.
Observation of a pop-up maneuver may be indicative of the
vehicle being a military aircraft rather than a commercial
aircraft.

In an embodiment, reporting nodes are not only defined to
identify vehicle tracks by the specific identify of the model of
vehicle embodied by the tracks, reporting nodes may also be
defined that allow classification based on less specific classes,
such as whether the vehicle is military or commercial. Thus,
for example, if a pop-up maneuver is observed being per-
formed by a vehicle track, it may be desirable to define the
graph so that it immediately reports that the track is related to
a military vehicle so that avoidance maneuvers and defensive
actions may be taken, instead of waiting to classify the vehicle
track only when the specific model of vehicle has been iden-
tified. Similarly, if a vehicle track shows movement along a
known commercial airline route, it may be desirable to define
the graph so that it immediately reports that the vehicle asso-
ciated with the track is commercial so that offensive maneu-
vers against the vehicle are not taken even though the exact
model of commercial vehicle has not been identified, thus
preventing an accidental incident with the commercial
vehicle. As will be understood, in an embodiment (not
shown), the graph may be defined to continue even after a
general classification such as military versus commercial is
made in a reporting node, so that continued identification of
the vehicle can be performed to more accurately identify the
vehicle. For example, while it may be beneficial to define the
graph so that it reports (reaches a reporting node) once it
determines that a vehicle track is associated with a military
vehicle, it may also be helpful to further identify a specific
type of military vehicle so that the exact nature of the threat is
known. Links and nodes that extend from the “less specific”
reporting nodes may be defined that then allow for more
detailed identification of the vehicle track, based on future
Sensor reports.

Logical links are used to link nodes. The nodes are linked
as desired by a user to achieve certain relationships between
nodes. In an embodiment, the characteristics and values that
are used to classify a vehicle track from an initial node,
through an intermediate node, and then to a reporting node,
and the order in which those characteristics and values are
linked, may represent a “signature” for the vehicle track. How
those signatures are defined by a user may play an important
role in the effectiveness of the graph during real-time pro-
cessing. In defining the vehicle track signatures, the user
selects the characteristics that are desired to be identified and
compared, and the order in which the characteristics are to be
considered, and the values of the characteristics that are to be
considered. These selections allow the user to prioritize the
characteristics (e.g., look at size data first, then speed, then
acceleration) and to choose a level of granularity for the
values assigned to the characteristics—for example, for one
signature it may be sufficient to characterize speeds in terms
of slow, medium and fast, while in another signature a higher
level of granularity may be desired so 5 different speed ranges
(e.g. 200-300 mph, 301-400 mph, etc.) may be defined for the
signature. The signatures may be defined by reviewing track-
ing reports from a variety of different types of sensors or other
intelligence data relating to vehicle tracks, and studying the
characteristics that are unique to particular vehicles. In iden-
tifying unique signatures the goal is to identify distinguishing
behavior (as reflected by measurable characteristics and val-
ues for those characteristics) that, if observed in a vehicle
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track exhibiting the characteristics, allows a sufficiently
unambiguous classification, to a degree of desired confi-
dence, for that track.

As will be understood, choosing how the characteristics are
prioritized effectively defines relationships between different
characteristics and determines how the characteristics and
values (represented by nodes in the graph) are linked within
the graph. Thus, prioritization may allow a user to effectively
instruct each node on what type of characteristics it should
look for next in order to proceed to a further node. As noted in
an earlier example herein, ifa current state node is only linked
to later nodes that are defined by the characteristic of ground-
speed, the current state node is essentially instructing the
graph to next look for groundspeed data. Thus, current state
nodes may essentially “instruct” the system how to analyze
(i.e., what to look for) updated sensor data it may receive.
Thus, the analysis and progression through the graph is state
dependent. As will also be understood, various types of sta-
tistical and mathematical analyses may be used in prioritizing
and linking state nodes, and when selecting characteristics
and values that are used to help classify the vehicle tracks. In
particular, Bayesian probability analysis may be used as well
as others. As will be understood, these analyses may help a
user define the graph so that relationships are formed between
characteristics and values and different characteristics and
values are linked together to build upon each other and result
in a vehicle track classification to an acceptable degree of
confidence.

In an exemplary embodiment, a graph may be constructed
for classifying a vehicle track using probabilistic inference
that, to a pre-defined level of confidence, the vehicle is a
member of a class of commercial airliners. The graph may be
constructed with nodes that correspond to known character-
istics of commercial liners such as (but not limited to): that
commercial airliners typically fly in pre-designated air corri-
dors at pre-designated times; that commercial airliners typi-
cally respond to SSR (Secondary Surveillance Radar) inter-
rogations from air traffic control systems using pre-
designated response codes; and that commercial airliners
typically fly in a manner that contributes to passenger comfort
by minimizing maneuvering accelerations. The graph may be
constructed and then used to assess the probability that a
vehicle is a commercial airliner by analyzing these character-
istics over time. Accordingly, specific nodes may be defined
corresponding to known behaviors of commercial aircraft, for
example with nodes possibly being linked that reflect if the
vehicle has been observed travelling in a known commercial
air corridor for some specified period of time, nodes being
linked that reflect the vehicle being in a known commercial
corridor at a time that is consistent with a pre-scheduled
commercial flight, nodes being linked that reflect a vehicle
responding to SSR interrogations with an expected response
code for a commercial airliner, and nodes being linked that
reflect acceleration characteristics of the vehicle that are con-
sistent with the expected range of accelerations for a com-
mercial airliner. As will be understood, each node may cor-
respond to more than one characteristic, e.g., a node may be
defined that includes characteristics corresponding to an
expected SSR interrogation response for a commercial air-
liner and also characteristics corresponding to an expected
acceleration characteristic of a commercial airliner. After the
graph is constructed it can be used to compare observations of
a particular vehicle over time with a model of behavior
embodied in the graph during pre-processing that is consis-
tent with the expected behavior of a commercial airliner.

As will be understood, full agreement between the
expected and observed behavior may not always be achieved.
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A vehicle may exhibit some but not all of the expected behav-
ior, or it may exhibit aspects of behavior that are at times
inconsistent with the expected behavior. However, when the
observed behavior is sufficiently consistent with the expected
behavior, a level of confidence may be reached that the
vehicle is a particular type of vehicle (e.g., a commercial
airliner), and the graph can be defined to take into account this
acceptable level of confidence. The point or points (i.e.,
nodes) in the graph at which the observed vehicle reaches this
level of confidence may be determined during the pre-pro-
cessing phase of constructing the graph by methods known to
those familiar with the art, such as the method of Bayesian
analysis. In this approach, the consistencies of observed and
expected behaviors are weighted and analyzed for all possible
conditions to assess the probabilistic certainty of the classi-
fication result. Once the desired classification confidence
threshold is reached for a given thread of behaviors repre-
sented in the graph, a classification decision node can be
added to the graph. At runtime, when any such classification
decision node is reached as the graph is traversed using sensor
data for a particular vehicle, the vehicle can then be classified
(e.g., as a commercial airliner) with this decision having been
made to the desired level of confidence that the object has
been classified correctly. A similar approach can be used to
develop and employ the graph for classifying any type of
vehicle.

In an embodiment, the graph may be created by using
substantially the process described in U.S. patent application
Ser. No. 12/917,550, which is fully incorporated herein by
reference. In accordance with the application, once the
unique signatures for a number of different vehicle tracks
have been defined, they may be placed in a list or table. The
list or table may then be used to create the graph according to
the process described in the application. Because the signa-
tures for vehicle tracks are less deterministic than the signa-
tures for malware described in the application, each charac-
teristic may have a variable range of values and the
“preamble” described in the application is not applicable.
Otherwise, the process is similar and can be applied without
undue experimentation, with nodes being created for differ-
ent characteristics and their associated values, and with logic
links connecting the nodes in accordance with the signatures
that were defined from the previous tracking data or intelli-
gence information. In an embodiment, the list or table may be
prioritized so that the characteristics are considered in the
same order for each signature. However, in other embodi-
ments the list or table need not be prioritized and the priori-
tization performed in creating the individual signatures is
untouched.

It will be understood that while the method to create a
graph described in U.S. patent application Ser. No. 12/917,
550 may be used, other methods may also be effective. For
example, a brute force method of creating a graph may be
used where nodes and links are defined by hand, and then
embodied in a computer graph to which real-time sensor data
may be input. Because creation of the graph is, in an embodi-
ment, performed in a pre-processing step before real-time
implementation of the graph, the pre-processing may be per-
formed “off-line” and a massive amount of human and com-
puting power may be dedicated to the task.

FIG. 4 depicts an initial or starting portion 400 of a graph of
an embodiment of the invention. The start node 420 receives
sensor data, which may be in the form of a sensor or track
report 410. The new track report may include data from a
single sensor or it may include data from a variety of different
sensors such as (but not limited to) radar, sonar, or IFF (Inter-
rogate Friend or Foe). The nodes in the graph correspond to
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one or more vehicle track characteristics and values that may
be measured or observed by one or more sensors, and nodes
430 are initial nodes that are connected to the start node. Thus,
the type 1 node may correspond to data for a first vehicle type
and the type 2 node may correspond to data for a second
vehicle type and so on, and the starting portion may contain
“1” types of nodes. The initial nodes may be defined as desired
by a user, for example a graph could be created in which type
1 node may correspond to data for several vehicle types (e.g.,
aircraft of a similar size) and the type 2 node may correspond
to data for several vehicle types different than the type 1
vehicle types (e.g., missiles of a similar size). As will be
understood, the characteristics and associated values repre-
sented by the different start nodes are defined during the
creation of the graph as discussed herein. The data in the
sensor report is input into the start node, and if the data
matches the data within one of the starting section “initial”
nodes 430, the graph is traversed to the node 430 and a state
“n” is established for the tracking data in the tracking report,
where n is a number from 1 through i.

Importantly, the initial or starting portion of the graph may,
in an embodiment, actually be a node in the “interior” of the
graph. That is, when a graph is created, some characteristics
and their associated values may be at a beginning part of the
graph (these characteristics are configured, in the context of
the signatures, to be considered earlier than other character-
istics), some will be in a middle portion of the graph (some
characteristics are considered earlier and some later), and
some will be at an end part of the graph. In an embodiment,
however, the starting position at which processing of an initial
set of sensor data begins may not be at the “beginning” of the
entire graph. For example, in an embodiment a signature may
be created with nodes and links representative of the charac-
teristics of a commercial 747 airliner in different phases. The
signature characteristics as defined in the graph may start
with take-off characteristics, then link to cruising character-
istics, and then link to landing characteristics. If initial sensor
data, such as data in a sensor report, includes data with char-
acteristics matching characteristics of the commercial 747
airliner in its cruising phase, entry into the graph may be made
in an interior section of the graph. For purposes of real-time
processing, the node at which the graph is entered with initial
data is considered the starting or initial portion of the graph
for that particular set of initial data.

FIG. 5 depicts a section of an intermediate portion 500 of a
signature graph of an embodiment of the invention. As will be
understood, each of the initial nodes 430 of FIG. 4 will have
links to an intermediate portion; for clarity FIG. 5 only
depicts the intermediate portion adjacent to node 520. The
intermediate portion begins from the last known track state of
the vehicle being tracked, shown as node 520 in this example,
as established in either the initial portion 400 of the graph or
in a previous iteration of the intermediate portion 500 of the
graph. Updated sensor data, which may be in a sensor or track
report 510, is received, and as with the initial report, the
updated report may contain data from a single sensor or a
variety of sensors. The data is input into the current node to
determine if it includes additional data that would cause a
traversal from the current node to one of the later intermediate
nodes 530. If the new data in the sensor report does not
include data that would cause a traversal, the current node
remains the same. In an example, new data is received that
causes a traversal of the graph from node 520 to node 540
denoted “Track States Type m Node.” If this traversal does not
result in a complete classification of the vehicle track, node
540 becomes the “current” node (in essence becoming node
520 for a next iteration of new sensor data) from which any
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additional traversal is made. The intermediate portion 500 of
the graph is repeated until an updated track report is received
that includes data that would cause a traversal to a reporting
node in the reporting stage of the graph.

FIG. 6 depicts an example of portion 600 of the graph that
has a reporting node 640 among non-reporting nodes, and
which may be deemed a reporting stage, at least in relation to
the reporting node. In an embodiment, the reporting stage
portion is reached when a report is input into the current node
and the report contains data that causes a traversal to a
“reporting node” for which a classification is associated. In
FIG. 6, updated data in the form of a sensor or track report 610
is input into the current node 620. As will be understood,
current node 620 is a node in the intermediate section of the
graph that was previously traversed to based on previously
received sensor data. In the example shown in FIG. 6, node
640 is a node for which a track classification is associated
while nodes 650 and 660 are nodes for which a classification
is not associated. As will be understood, in an example where
the updated sensor data causes a traversal to non-reporting
nodes 650 and 660, those nodes act as nodes in the interme-
diate section 500 and updated sensor data and/or reports is
needed to traverse from those nodes. Non-reporting nodes
will typically represent a match between the updated data and
one or more characteristics for a known vehicle track, in
which the match is relevant but does not sufficiently distin-
guish the track to a desired level of confidence. In another
example, the updated track report includes data that matches
one or more characteristics associated with node 640, which
causes a traversal to node 640, which reports a classification
for the track. That classification is the result of cumulative
traversals from the initial portion of the graph and through the
intermediate portion of the graph, in which the traversals
correspond to a known signature that is reflected in the nodes
and logic links between nodes on the graph. The reporting
nodes thus reflect a node at which the cumulative observed
data reaches a desired level of confidence that a correct clas-
sification can be made. As noted, even after a reporting node
is reached and a classification made, additional sensor reports
may be monitored to ensure that the classification is correct.
In the example of FIG. 6, additional links (not shown) may
extend from node 640 to nodes in the graph that represent
characteristics that are inconsistent with the classification
made in node 640. Observation of one or more inconsistent
characteristics may lead to traversal to one of the nodes linked
to the reporting node, which may eventually lead to a reclas-
sification of a vehicle track if enough inconsistent character-
istics are observed to achieve a level of confidence that a
reclassification is warranted.

In an example, node 620 is a node that is reached because
the data represented by the nodes that were traversed to reach
node 620 suggest that the vehicle being tracked is a particular
type of aircraft. However, a final determination has not been
made because the data has not reached a desired level of
confidence. In this example, nodes 650 and 660 may represent
other characteristics and values that are consistent with the
aircraft, but which still do not reach a desired level of confi-
dence. For example, node 650 may represent characteristic
data that indicates that the vehicle is flying at a certain speed
that is consistent with the aircraft and node 660 may represent
characteristic data that indicates the vehicle is size that is
consistent with the aircraft. However, the cumulative data
leading up to nodes 650 and 660 is not enough to make a clear
classification because the data represented by the preceding
nodes and links is consistent with several different types of
aircraft. In contrast, in the example node 640 may represent
characteristic data that indicates the vehicle has achieved a
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certain vertical acceleration value, which value is known to be
associated only with a single type of aircraft. At this point
classification has reached a desired level of confidence
(which the user has effectively defined in the graph during the
creation of the graph) and node 640 is configured to be a
reporting node.

In an embodiment, sensor data (FIG. 7, block 810) may
contain data relating to more than one vehicle track (block
820), for example if the sensors monitoring an area observe
multiple aircraft or ships, or observe an aircraft and a missile
or a ship and a missile within the monitoring area. In this
situation, separate pre-processing (unrelated to the pre-pro-
cessing for creating the graph) may be done to the data before
it is input into the graph to determine whether (block 830) the
tracks are related (e.g., an aircraft and a missile fired by the
aircraft or a ship and a missile fired by the ship) or unrelated
(e.g., separate vehicles such as aircraft or ships that happen to
be within a monitored area). For example, kinematic analysis
may be performed to determine whether the tracks are related,
and that analysis may use initial and updated real-time sensor
data from each of the tracks that are being assessed for relat-
edness. If the sensor data does not contain data for more than
one track, the data is processed as a single track (block 825).

In an embodiment, a graph may be used to provide a
flexible methodology for determining whether tracks are
related. For example, the graph may be defined to show rela-
tions between tracks based on kinematic similarities, such as
physical proximity, multiple tracks, or similarity in maneu-
vers executed by multiple tracks. Some sensors, such as pas-
sive ES sensors, are unable to fully and accurately resolve
target positions, being restricted to reporting the receipt of
radiated signals of a certain character from a target at a unde-
fined distance from the sensor appearing somewhere within a
range of azimuth and elevation angles. If a precise positioning
sensor such as a 3-dimensional radar is also surveilling this
space and detects multiple targets within this space, it will be
unclear which of the radar targets should be associated with
the radiated signals reported by the ES equipment. The graph
may be defined during the preprocessing stage so that is able
to assist in disambiguating this situation by performing the
association based on the likelihood of one or another of the
radar targets being the source of the radiated signals based on
prior kinematic observations. For example, the character of
the observed radiated signals could be known a priori to be
used by a certain adversary. In addition, of the multiple radar
tracks, one of the tracks could be uniquely determined as
being operated by that adversary, based on prior observations
of'that target as indicated by the current state of that target in
the graph. Thus, in an embodiment the graph may be defined
to determine if tracks are related (such as with nodes and links
corresponding to the known radiated signals and known radar
tracks for a particular adversary), and then the graph may be
used to determine if any of multiple observed tracks are
related.

Ifadetermination is made that the tracks are unrelated, data
relating to the different tracks may be separated and pro-
cessed separately (block 840)—i.e., data for the first vehicle
being tracked is input into the graph at an appropriate initial
portion or at the current state node (if data for the vehicle has
already been input into the graph), data from the second
vehicle being tracked is input into the graph at an initial
portion appropriate for the second vehicle or at the current
state node, and so on for all the vehicles. Data for multiple
unrelated tracks may be processed in essentially the same way
as for a single track, by receiving initial real-time sensor data,
determining if a reporting node was reached, and, if not,
receiving updated real-time sensor data until a reporting node
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is reached. In an embodiment, processing for multiple unre-
lated tracks—which may include more than two tracks—may
be performed in parallel within the graph, with the number of
tracks that may be processed being limited only by the pro-
cessing power available.

It a determination is made that the tracks are related (block
850) (whether by preprocessing or by using a graph to deter-
mine relatedness), data from both tracks may be useful when
trying to classify each track individually using the graph. As
will be understood, data concerning a missile—e.g. its size,
speed, and acceleration characteristics—may help to identity
the aircraft it was fired from if the data concerning the missile
is unique or distinguishing. Similarly, data concerning an
aircraft may help to identify what kind of missile it has fired.
Accordingly, when classifying the aircraft using the graph, it
will be useful to input both the data for the aircraft and the data
for the missile into the graph, which may include the initial
data for each of the aircraft and missile as well as any updated
tracking data for each. Likewise, when classifying the missile
using the graph, it will be useful to input both the data for the
missile and the data for the aircraft into the graph. As will be
understood, inputting data for more than one track will
require that the graph be defined so that it can use the addi-
tional data. Therefore, when the graph is constructed as
described herein, state nodes for the aircraft’s signature may
be defined that include missile characteristics and values as
well as aircraft characteristics and values, and states nodes for
the aircraft-fired missile’s signature may be defined with
aircraft characteristics and values as well as missile charac-
teristics and values. In an example, a signature may be defined
for an aircraft that includes state nodes and links that include
a takeoff phase, a cruising phase, and a landing phase for the
aircraft. As a missile firing will likely occur during the cruis-
ing phase, in an embodiment state nodes may be defined for
the cruising phase that also include characteristics and values
indicative of a missile firing. As will be understood, state
nodes that include one or more characteristics and values for
both the aircraft and a missile may be in addition to state
nodes that represent cruising characteristics of the aircraft
(without associated missile characteristics), as an aircraft
does not always have to fire a missile while it is in its cruising
phase. Defining and adding the additional state nodes to the
graph allow the graph to handle both circumstances, and may
allow quicker classification of both the missile and aircraft
when two related tracks exist.

The disclosed method described herein may be automated
by, for example, tangibly embodying a program of instruc-
tions upon a computer readable storage media capable of
being read by machine capable of executing the instructions.
A general purpose computer is one example of such a
machine. A non-limiting exemplary list of appropriate stor-
age media well known in the art would include such devices
as a readable or writeable CD, flash memory chips (e.g.,
thumb drives), various magnetic storage media, and the like.

The features of the method have been disclosed, and further
variations will be apparent to persons skilled in the art. All
such variations are considered to be within the scope of the
appended claims. Reference should be made to the appended
claims, rather than the foregoing specification, as indicating
the true scope of the disclosed method.

The functions and process steps herein may be performed
automatically or wholly or partially in response to user com-
mand. An activity (including a step) performed automatically
is performed in response to executable instruction or device
operation without user direct initiation of the activity.

The systems and processes of FIGS. 1-7 are not exclusive.
Other systems and processes may be derived in accordance
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with the principles of the invention to accomplish the same
objectives. Although this invention has been described with
reference to particular embodiments, it is to be understood
that the embodiments and variations shown and described
herein are for illustration purposes only. Modifications to the
current design may be implemented by those skilled in the art,
without departing from the scope of the invention.

The pre-processing processes and steps may be performed
by a system of computers, processors, memory, hardware,
software, firmware, and the like, with networking or other
communications connections between the different compo-
nents of the system. The system for performing the pre-
processing processes and steps may, in an embodiment,
reside in a location that is remote from the sensors and asso-
ciated equipment (e.g., computers, processors, Mmemory,
hardware, software, firmware) performing the real-time sens-
ing of vehicle tracks. As will be understood, sensors may be
based at a facility (such as a sensors at a ground-based facility
or sensors on a satellite) or they may be based on a vehicle
(such as on a submarine, plane, or ship). The sensor data from
the variety of different sensors at different locations may be
communicated via computer network (or other communica-
tions means) to the location where the graph is housed so that
they can be input into the graph. In an embodiment the graph
may be located on a computer system that is local to the
primary vehicle or facility that is performing the real-time
tracking. In another embodiment, the graph created in the
pre-processing step may be remotely located from the pri-
mary vehicle or facility that is performing the real-time track-
ing. If the graph is remotely located, it may be accessible via
computer network (or satellite communications or other
known methods) by vehicles or facilities in need of the graph
for real-time assessment.

The functions and steps provided in FIGS. 1-7 may be
implemented using hardware (such as computers, memory,
processors, and the like), software, firmware, and may reside
on one or more computer systems located at one or more
locations. In an embodiment in which different parts of the
system (e.g., the part of the system for creating the graph and
the part of the system for processing real-time sensor data) are
remotely located from each other, a computer network, or
other network capable of transmitting data and information
(or even graphs or programming) between the different parts
of the system, may be used to connect the different parts.

Furthermore, although the invention has been described in
terms of exemplary embodiments, it is not limited thereto.
Rather, the appended claims should be construed broadly, to
include other variants and embodiments of the invention,
which may be made by those skilled in the art without depart-
ing from the scope and range of equivalents of the invention.

What is claimed is:

1. A method for classifying unclassified vehicle tracks
using real-time sensor data comprising:

acquiring a computer database of vehicle track character-

istics data for known vehicle tracks;

defining vehicle track signatures based on the vehicle track

characteristics data including defining at least one rela-
tionship between a first vehicle track and a second
vehicle track in which the first vehicle track and the
second vehicle track are related;

generating a graph based on the vehicle track signatures,

the graph having state nodes representative of distin-
guishing vehicle track characteristics defined in the
vehicle track signatures and links between the state
nodes representative of relationships between the distin-
guishing vehicle track characteristics defined in the
vehicle track signatures, said graph also having report-
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ing nodes for classifying unknown vehicle tracks when
sufficient distinguishing vehicle track characteristics
have been observed;

processing with the graph, using a processor, first real-time

sensor data corresponding to a first unclassified vehicle
track and second real-time sensor data corresponding to
a second unclassified vehicle track by:
determining if the first unclassified vehicle track and the
second unclassified vehicle track are related by kine-
matic analysis of the first real-time sensor data and the
second real-time sensor data;
responsive to a determination that the first unclassified
vehicle track and the second unclassified vehicle track
are not related:
performing run-time processing to classify the first
vehicle track by passing the first real-time sensor
data through the graph until the first unclassified
vehicle track is classified; and
performing run-time processing to classify the second
vehicle track by passing the second real-time sen-
sor data through the graph until the second unclas-
sified vehicle track is classified;
responsive to a determination that the first unclassified
vehicle track and the second unclassified vehicle track
are related:
performing run-time processing to classify the first
vehicle track by passing the first real-time sensor
data and the second real-time sensor data through
the graph until the first unclassified vehicle track is
classified;
performing run-time processing to classify the second
vehicle track by passing the first real-time sensor
data and the second real-time sensor data through
the graphuntil the second unclassified vehicle track
is classified.

2. The method for classifying vehicle tracks of claim 1
wherein defining vehicle track signatures further comprises:

identifying in the computer database the distinguishing

vehicle track characteristics for at least some of the
known vehicle tracks;

prioritizing the distinguishing vehicle track characteristics

for at least some of the known vehicle tracks, wherein
said prioritizing comprises defining relationships
between the distinguishing vehicle track characteristics.

3. The method for classifying vehicle tracks of claim 2,
wherein prioritizing the distinguishing vehicle track charac-
teristics further comprises prioritizing the distinguishing
vehicle track characteristics and defining the reporting nodes
according to a probability analysis.

4. The method for classifying vehicle tracks of claim 2,
wherein defining relationships between the distinguishing
vehicle track characteristics comprises defining a relationship
between the distinguishing vehicle track characteristics rep-
resentative of the vehicle performing a known tactical maneu-
ver.

5. The method for classifying vehicle tracks of claim 2,
wherein defining at least one relationship between a first
vehicle track and a second vehicle track in which the first
vehicle track and the second vehicle track are related com-
prises defining at least one relationship between a first vehicle
track and a second vehicle track in which one of the vehicle
tracks is for a vehicle capable of launching an attack weapon
and the other of the vehicle tracks is for a launched attack
weapon.

6. The method for classifying vehicle tracks of claim 1,
wherein the vehicle track characteristics data comprises at
least one of speed, size, position, IFF status, heading, accel-
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eration, airborne state, in motion state, operating altitude
above or depth below sea level, likelihood of operating within
a region of interest, acoustic response characteristics, elec-
tromagnetic emanation characteristics, kinematic maneuver
characteristics, and electro-optic characteristics.

7. The method for classifying vehicle tracks of claim 1,
wherein passing the first real-time sensor data through the
graph until a reporting node is reached and the first unclassi-
fied vehicle track is classified comprises:

receiving first initial real-time sensor data for a first unclas-

sified vehicle track and passing the first initial real-time
sensor data through an initial portion of the graph to
determine a first current track state for the first unclas-
sified vehicle track;

determining whether one of said reporting nodes has been

reached; and
responsive to one of said reporting nodes being reached,
classifying the first unclassified vehicle track; or

responsive to one of said reporting nodes not being
reached, receiving first updated real-time sensor data
and passing the first updated real-time sensor data
through an intermediate portion of the graph linked to a
current track state to determine a first updated current
track state, until one of said reporting nodes is reached
and the first unclassified vehicle track is classified.

8. The method for classifying vehicle tracks of claim 7,
wherein prioritizing the distinguishing vehicle track charac-
teristics further comprises prioritizing the distinguishing
vehicle track characteristics and defining the reporting nodes
according to a probability analysis.

9. The method for classifying vehicle tracks of claim 7,
wherein passing the second real-time sensor data through the
graph until a reporting node is reached and the second unclas-
sified vehicle track is classified comprises:

receiving second initial real-time sensor data for a second

unclassified vehicle track and passing the second initial
real-time sensor data through an initial portion of the
graph to determine a second current track state for the
second unclassified vehicle track; and

receiving second updated real-time sensor data and passing

the second updated real-time sensor data through an
intermediate portion of the graph linked to the second
current track state to determine a second updated current
track state, until the second unclassified vehicle track is
classified.

10. The method for classifying vehicle tracks of claim 9,
wherein determining if the first unclassified vehicle track and
the second unclassified vehicle track are related by kinematic
analysis of the first real-time sensor data and the second
real-time sensor data comprises determining if the first
unclassified vehicle track and the second unclassified vehicle
track are related by kinematic analysis of one or more of the
first initial real-time sensor data, first updated real-time sen-
sor data, second initial real-time sensor data, or second
updated real-time sensor data.

11. The method for classifying vehicle tracks of claim 10,
wherein, when the first unclassified vehicle track and the
second unclassified vehicle track are related,

passing the first real-time sensor data through the graph

until the first unclassified vehicle track is classified com-
prises passing the first updated real-time sensor data in
addition to the second updated real-time sensor data
through the intermediate portion of the graph linked to
the second current track state to determine a second
updated current track state, until the second unclassified
vehicle track is classified; and
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passing the second real-time sensor data through the graph
until the second unclassified vehicle track is classified
comprises passing the second updated real-time sensor
data in addition to the first updated real-time data sensor
to the intermediate portion of the graph linked to the first
current track state to determine a first updated current
track state, until the first unclassified vehicle track is
classified.

12. The method for classifying vehicle tracks of claim 10,
further comprising, when the first unclassified vehicle track
and the second unclassified vehicle track are related,

passing, when the first unclassified vehicle track has been

classified, a first vehicle track classification in addition
to the second updated real-time sensor data through the
intermediate portion of the graph linked to the second
current track state to determine a second updated current
track state, until the second unclassified vehicle track is
classified; and

passing, when the second unclassified vehicle track has

been classified, a second vehicle track classification in
addition to the first updated real-time sensor data to the
intermediate portion of the graph linked to the first cur-
rent track state to determine a first updated current track
state, until the first unclassified vehicle track is classi-
fied.

13. A method for pre-processing vehicle track characteris-
tics data to define a graph for classifying unclassified vehicle
tracks comprising:

acquiring a computer database of vehicle track character-

istics data for known vehicle tracks;

identifying distinguishing characteristics for at least some

of the known vehicle tracks;

prioritizing the identified distinguishing characteristics for

at least some of the known vehicle tracks; and
generating a graph having state nodes representative of the
identified distinguishing characteristics and links
between the state nodes representative of the prioritizing
of the identified distinguishing characteristics, said
graph also having reporting nodes for classitying

unclassified vehicle tracks when a sufficient number of

distinguishing characteristics have been observed; and
prioritizing the distinguishing characteristics for at least
some of the known vehicle tracks, wherein said priori-
tizing comprises defining at least one relationship
between a first vehicle track and a second vehicle track
in which one of the vehicle tracks is for avehicle capable
of launching an attack weapon and the other of the
vehicle tracks is for the launched attack weapon.

14. The method for pre-processing vehicle track character-
istics data of claim 13, wherein the vehicle track characteris-
tics data comprises at least one of speed, size, position, IFF
status, heading, acceleration, airborne state, in motion state,
altitude above or depth below sea level, likelihood of operat-
ing within a region of interest, acoustic response characteris-
tics, electromagnetic emanation characteristics, kinematic
maneuver characteristics, and electro-optic characteristics.

15. The method for pre-processing vehicle track character-
istics data of claim 13, wherein prioritizing the identified
distinguishing characteristics further comprises prioritizing
the identified distinguishing characteristics and defining the
reporting nodes according to a probability analysis.

16. The method for pre-processing vehicle track character-
istics data of claim 13, wherein defining relationships
between identified distinguishing characteristics comprises
defining a relationship between identified distinguishing
characteristics representative of a vehicle performing a
known tactical maneuver.
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17. A computer system comprising:
a database of defined vehicle track signatures for known
vehicle tracks;
a first computer processor for executing program instruc-
tions;
a first memory, coupled to the first computer processor,
storing first program instructions which, when executed
by the first computer processor, cause the first computer
processor to:
identify distinguishing characteristics for at least some
of the known vehicle tracks;

prioritize the identified distinguishing characteristics for
at least some of the known vehicle tracks by defining
at least one relationship between a first vehicle track
and a second vehicle track in which the first vehicle
track and the second vehicle track are related; and

generate a graph from the database of defined vehicle
track signatures by defining state nodes correspond-
ing to characteristics of the vehicle track signatures
and defining links between defined state nodes, the
links between the defined state nodes corresponding
to defined vehicle track signatures;

a second computer processor coupled to the generated
graph;

a second memory, coupled to the second computer proces-
sor, storing second program instructions which, when
executed by the second computer processor, cause the
second computer processor to:
determine if the first unclassified vehicle track and the

second unclassified vehicle track are related, by kine-

matic analysis of the first real-time sensor data and the

second real-time sensor data;

responsive to a determination that the first unclassified

vehicle track and the second unclassified vehicle track

are not related:

perform run-time processing to classify the first
vehicle track by passing the first real-time sensor
data through the graph until the first unclassified
vehicle track is classified; and

perform run-time processing to classify the second
vehicle track by passing the second real-time sen-
sor data through the graph until the second unclas-
sified vehicle track is classified;

responsive to a determination that the first unclassified

vehicle track and the second unclassified vehicle track

are related:

perform run-time processing to classify the first
vehicle track by passing the first real-time sensor
data and the second real-time sensor data through
the graph until the first unclassified vehicle track is
classified;

perform run-time processing to classify the second
vehicle track by passing the first real-time sensor
data and the second real-time sensor data through
the graphuntil the second unclassified vehicle track
is classified.

18. The computer system of claim 17, further comprising a
third computer processor and third memory storing third pro-
gram instructions which cause the third computer processor
to define the vehicle track signatures for the known vehicle
tracks using a probability analysis.

19. The computer system of claim 17, wherein the first
memory stores program instructions which cause the first
computer processor to define at least one relationship
between a first vehicle track and a second vehicle track in
which one of the vehicle tracks is for a vehicle capable of
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launching an attack weapon and the other of the vehicle tracks
is for the launched attack weapon.
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